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Abstract 

Numerous empirical studies have sought to compare corruption across regions or 

countries, but it is individuals who are corrupt, not regions or countries. Studies of 

corruption should therefore investigate individual behavior. This has not been 

previously possible because of lack of data. We use individual-level data from the China 

Corruption Conviction Databank compiled at Huazhong University of Science and 

Technology to investigate bribe-taking among officials in local-government public-

administration and parallel Communist Party bureaucracies. We find that bribes that 

officials received systematically increase with positions at higher levels of official 

hierarchies. Economic authority to decide on spending and regulation is associated with 

receiving greater bribes than being in administrative positions. Consistent with life-

cycle incentives, entry-level and retirement-approaching officials take higher bribes 

than middle-aged officials. Being more educated does not deter corruption but on the 

contrary is associated with taking higher bribes. Gender is not correlated with the size 

of the bribes taken. We link our empirical results on bribes to rent seeking in 

bureaucratic hierarchies. 

 

Key words: Bribery; corruption; bureaucracy; public administration; local government; 

gender; rent seeking; China 
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1. Introduction 

Corruption, understood as illegal use of public office for private gain, has been 

extensively studied (Rose-Ackerman 1999, 2006; Tanzi 1998; Abed and Gupta 2002). 

A primary conclusion is that corruption is prevalent or endemic in many countries (Jain 

1998; McMillan and Zoido 2004; Pani and Mohanty 2007; Aidt 2003, 2019; Kahana 

and Liu 2010; Justesen and Bjørnskov 2014; Mbuku and Kimenyi 2015; Levin and 

Satarov 2000, 2015). But what is the evidence? Corruption is not publicly observed and 

is not reported in official statistics. Availability of evidence is compromised by the 

incentives to keep corruption hidden. An evident personal incentive to hide corruption 

is legal penalties. When corruption provides mutual gain, the persons giving and taking 

bribes have reason for secrecy, as for example when bribes are paid to obtain 

preferential government-directed credits (Hillman and Krausz 2007), to avoid payment 

or overpayment of income taxes (Marjit et al. 2000), or to evade import duties (Dutt 

2009 and De Jong and Bogmans 2011). Political competition (see for example Ursprung 

1991) provides incentives to keep bribes hidden, to avoid accusations of being corrupt 

by political opponents. A free press publicizes revealed corruption (Brunetti and Weder 

2003; Freille et al. 2007; Tian and Lo 2009), but particularly in low-income countries 

the press may not be free and may be restricted in what can be reported. Corruption is 

not confined to low-income countries. See, for example, Larcinese et al. (2017) on 

British politicians’ misuse of funds. There can also be grey areas – Kauder and Potrafke 

(2015) report on Bavarian politicians placing their spouse on the public payroll.  

With corruption in general hidden, measurement of corruption nonetheless requires 
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data. Empirical studies have used as data impressionistic measures derived from asking 

people about their ‘perceptions’ of corruption (for example, among many others, 

Treisman 2000; Paldam 2002; Jetter and Parmeter 2018). Another data source is reports 

in surveys of personal experiences of giving bribes (for example, Hunt 2006; Liu and 

Peng 2015a, 2015b). Corruption has also been measured by the number of convictions 

in a region or country, or by the proportion of government officials in a region convicted 

for corruption (for example, for the U.S., Goel and Rich 1989, Glaeser and Saks 2006, 

and Alt and Lassen 2014; for Russia, Schulze et al. 2016; for Italy, Capasso and Santoro 

2018, and for China, Dong and Torgler 2013).  

Each of these above measures is problematical in its own way. ‘Impressions’ of 

corruption are not facts, as noted by Olken (2009) and many others. Survey responses 

are compromised by expressive behavior (see Hillman 2010) – people who have paid a 

bribe might expressively report that their achievements have been by merit and not by 

paid-for privilege (on self-serving responses in surveys, see also Bertrand and 

Mullainathan 2001). The number of convictions and the proportion of officials in a 

region or country convicted for corruption are objective measures of corruption but are 

subject to ambiguity, because a greater number of convictions can be due to more 

effective legal enforcement rather than to greater prevalence of corruption. Simply 

counting convictions also gives all acts of corruption, whether petty or grand, equal 

weight.2 

 

2 An approach to measuring corruption looks at personal incomes and assets (see Gorodnichenko and Sabirianova 

2007). 
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These problems of measurement do not arise in our study. We do not make regional 

or national comparisons of corruption for which the measures have been designed and 

used. We study individuals. We want to learn where in a hierarchy of government 

bureaucracy corrupt individuals are to be found and to identify individuals who are 

more corrupt than others. We, therefore, require data that enable comparisons across 

individuals within a country. Such data is provided by the China Corruption Conviction 

Databank. The Databank was created at the School of Public Administration at 

Huazhong University of Science and Technology in Wuhan, at the onset using a sample 

of obtained records of court proceedings. In 2015, the government of China placed court 

records online, as a deterrent to corruption by providing visible information on penalties 

and by naming individuals convicted of corruption. For our present study, we use only 

data from the online records.3  

The Databank includes individuals in a Communist Party bureaucracy that parallels 

a public-administration bureaucracy. Individuals are appointed as ‘leaders’ by the 

governing Communist Party to oversee state-owned enterprises, NGOs, and educational 

and research institutions. These ‘leaders’ have official ranks. The head of a state-owned 

bank or the head of a leading university is, for example, a Party functionary with a rank 

equivalent to that of a central-government vice-minister. A ‘leader’ in a university 

department has a lower rank. Throughout their career, individuals can switch between 

public-administration and Party positions. We therefore do not distinguish the two types 

 

3 The data are available at the website http://wenshu.court.gov.cn (accessed March 2020) and are free to download. 

http://wenshu.court.gov.cn/
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of officials in our data. 

Chinese central-government anti-corruption policies have been directed at lower 

levels of government in the public-administration and the parallel Communist Party 

hierarchy (on decentralized government and corruption in China, see Chen et al. 2002 

and Chen and Liu 2015). There are public-administration and parallel Party 

bureaucracies at the levels of province, prefecture, county, township, and a further level 

below townships. Court records document corruption at the different hierarchical levels 

of public administration and in the positions of Party oversight.  

The Chinese central government has reason to seek to eliminate local public-

administration and Party corruption. Hence the public availability of records of court 

convictions. There are disadvantageous economic consequences for the central 

government when tax revenue intended for the center is displaced by bribes (Chen 1991; 

Chen et al. 2002). There are also unwanted political consequences if corruption 

compromises centralized control of policy.4  

Transparency International’s corruption perception index in 2019 ranked China 80 

 

4 Anti-corruption programs in China date back to the pre-1978 planned economy. Economic reforms in the 1980s and 

1990s introduced markets and private discretion, and an interface between public and private sectors that expanded 

corruption opportunities and led to regulations and laws that diminished discretion of public officials. From 2002 

onwards, further regulations were introduced, including the ‘Eight-point Austerity Rules’ to regulate public officials’ 

behavior. The rules were intended to increase legal deterrence sufficiently to counter the expansion of corruption 

opportunities offered by the fast growth of the Chinese economy. On these anti-corruption policies, see Chen (1991), 

Chen et al. (2002), Birney (2014), and Chen and Liu (2015). Chen and Liu (2018) evaluated whether higher public-sector 

wages could be effective in reducing corruption in China. 
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out of 180 countries. Beyond ‘corruption perceptions’ (which we have noted are 

subjective), case studies suggest that corruption in China has been pervasive. When 

land and state property have been privatized, local-government and Party officials have 

set non-competitive privileged prices for opportunistic privatization (Chen et al. 2002). 

Bribes have been given for changes in building codes and land rezoning (Li and 

Vendryes 2018). Bribes paid to local-government and Party officials have allowed 

private investors to obtain land after forced relocation of inhabitants of villages and 

houses (Chen and Kung 2016, 2018). Bribery has been used for obtaining procurement 

and other government contracts (Yang and Cai 2017) and for college admissions (Liu 

and Peng 2015a, 2015b).  

We go beyond these observations to determine where in the public-administration 

and Communist Party bureaucracy bribes are received, the size of the bribes, and 

personal attributes of individuals taking the bribes. Section 2 provides background for 

our study. Section 3 poses the research questions. Section 4 describes the data and 

empirical strategy. Section 5 presents the empirical results. Section 6 reports tests for 

selection bias and summarizes other robustness checks (detailed results of which are 

available in an online appendix). The final section sets out conclusions and relates 

bribery to rent seeking. 

 

2. Background 

It is difficult to quantify corruption. As we have observed, the commonly used proxies 

for measurement of corruption have problems. Even without the problems, the 
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measures are inappropriate for addressing our questions, which involve individuals 

rather than regions or countries. The China Corruption Conviction Databank has been 

created to provide information about individuals. The Databank records the monetary 

value of the bribes received by officials, along with information on the officials’ 

positions in the public-administration hierarchy of levels of local government and 

provides information on the officials’ personal characteristics of age, gender, and 

education.  

Chapter VIII of the Criminal Law of China includes in corruption-related crimes 

bribe-taking, bribe-extortion, bribe-giving, misappropriation of state assets, 

embezzlement, holding property with unidentified legal sources, and concealing 

offshore deposits. We focus on bribe taking. For bribe taking, the Databank records 

detailed information on the monetary value of bribes received by government and 

Communist Party officials, their date of birth, gender, educational level, and their 

position within the public-administration or Party hierarchy of local government at the 

time at which the bribe was received. When bribes are in-kind rather than in cash, the 

in-kind bribe is converted to an estimated monetary value. The Databank records, as a 

stock of illegal income from previous bribes received, land and properties purchased 

with money from unidentified legal sources including offshore deposits in foreign 

banks. The average bribe received is 120,939RMB or approximately 17,435USD. 

Appendix A provides a detailed description of the compilation of the Databank. 

There has been no previous study of corruption (in China or elsewhere) that has 
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used individual-level data on bribes received. 5  Because the data are for specific 

individuals, the possibility is present of investigating variation in corruption within the 

public-administration and Communist Party bureaucracy, and across individual 

officials who differ in personal attributes. With the data recording the monetary value 

of the bribes that officials received, we have information on the scale of corruption from 

petty to grand corruption. Simply recording the number of convictions does not provide 

such information. A presumption is that the larger are the bribes, the more significant 

are the consequences of the bribes within a scope of illegal activity and illegal income. 

All data, such as in the Databank, using a sample of observations from a wider 

population are potentially subject to selection bias. In our data, there are two potential 

sources of such bias. First, the values of the observed bribes may not be a representative 

sample of the values of bribes in the population of corrupt public officials because only 

a subset of corrupt officials is prosecuted. Second, the officials who take bribes may 

systematically differ in attributes from other (non-corrupt) officials.  

The first type of selection bias could arise through personal connections in the 

networks that are common in China.6  If a network is the target of anti-corruption 

 

5 Some studies analyze bribe givers through information obtained from surveys. Liu and Peng (2015a, 2015b), for 

example, used data obtained by asking students whether they had paid bribes for admission into higher education. 

Similarly, Hunt (2006) used survey data obtained by asking households whether bribes had been paid in interactions 

with public officials. Using survey data, Jing and Nie (2017) studied whether paying a bribe was a firm’s independently 

made decision or was a result of conformity to a pattern of behavior of groups of firms.  

6 The networks include scientific and academic groups (Fisman et al. 2018). Lorentzen and Lu (2018) used news reports 

to plot official networks that can underlie corruption in China. They define a ‘tiger’ as an influential official who has 
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policies, the attributes of network members could, in principle, be sufficiently specific 

for the sample inclusive of the network members to differ from the general population 

of corrupt public-administration and Party officials. A related source of selection bias 

is that corruption charges might be used to target political rivals (Smyth and Qian 2009). 

We cannot rule out this happening. There are however impediments in the Chinese legal 

system to opportunistic use of bribery accusations to target rivals. A court document 

includes the monetary value of a bribe only if the prosecutor has presented the court 

with sufficient credible evidence to verify the amount of the bribe. If a witness is called, 

then the briber (the witness) and the bribe-recipient (the official) both need to agree on 

the amount of the bribe, or, if the money was withdrawn from a bank, a confirming 

bank document is required to be shown in court. If such confirmation or evidence or 

other material proof cannot be provided, the bribe is not to be recorded for lack of proof 

and will not be part of the court records and hence not part of our data. Because the 

court-proceeding documents are open to the public, including to the bribers and 

relatives of convicted officials, there is public scrutiny. Along with false accusations, 

forgery of values of bribes is subject to personal risk of being indicted for undermining 

trust in the police and in the judicial system. It is, therefore, not a straightforward 

riskless task falsely to claim that bribes were received or to exaggerate their value. A 

flaw in our data could be that, on the contrary, some part of a bribe is hidden in the 

 

power in a province and attribute personal outcomes for network members in the province to the success or fall of the 

tiger. 
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absence of credible evidence of the bribe having been received. In that case, the data 

underestimate the true value of bribes received. 

There is a problem if the judicial system is itself be subject to bribes. In that event, 

payment of bribes will have eliminated corruption cases from the Databank. Li (2010) 

documented the presence of judicial corruption in China. Bribed judges displayed 

favouritism in their judgements and some judges embezzled litigants’ funds. Through 

corruption and bribery, if convicted, judges ‘contribute’ to the data on corruption 

convictions. Wang (2013) reported that underfunding of courts in China resulted in 

delays in access to courts for litigants unable to pay court costs. For bribery cases, it is 

the Chinese state that brings the cases to the courts and inhibitions are not expected on 

court access due to inadequate available funding. Moreover, the judges are involved in 

cases brought by the state and it is unlikely that judges will accept bribes to decide 

against the state in cases that involve corruption and bribes. As suggested by the 

evidence, corruption by judges is more likely when litigation involves private 

individuals or firms.   

Selection bias could also arise from differences in law enforcement effort (as we 

observed with regard to studies simply counting the number of convictions to compare 

regions or countries). In our statistical analysis, we account for differences in law 

enforcement across Chinese provinces using a measure of the time between detection 

of corruption and conviction (the definition is in table A2).  

We address empirically the type of selection bias that can arise because of officials’ 

decisions whether to take a bribe. The exercise of choice can make the sample of 
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convicted officials in the Databank unrepresentative of the population of all public-

administration and Communist Party officials. We therefore collected data on a 

secondary sample of officials who were not convicted for corruption. This sample of 

non-convicted government officials could be compared with the sample in the Databank  

of convicted officials, allowing us to correct the estimates for selection bias using a 

Heckman-selection model. Doing so does not suggest that selection of individuals into 

bribe-taking biases our estimates (see section 6.1).  

 

3. Research questions 

We now pose our research questions. 

3.1 Social responsibility versus bribe potential 

Individuals in public administration (as perhaps all individuals) can be assumed to be 

self-interested. The ‘Thomas-à-Becket effect’ describes a transformation from self-

interest to social responsibility (see Hillman 2019, chapter 14). The effect is revealed if 

individuals at higher levels of the public-administration or Communist Party hierarchy 

take smaller bribes than lower-level officials, or do not take bribes at all as an example 

for subordinates whom they monitor. In the absence of a ‘Thomas-à-Becket effect’, 

officials at higher hierarchical levels can collect large bribes that are facilitated by larger 

populations in the greater scope of geographic control. There is, therefore, ambiguity 

in how positioning in the public-administration and Communist Party hierarchy affects 

values of bribes taken. Whether a bribe-diminishing ‘Thomas-à-Becket effect’ exists 

and dominates the ‘bribe-potential’ effect of higher authority is an open empirical 
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question. 

 

3.2 Economic versus administrative authority 

Our data distinguish between economic and administrative authority. ‘Economic 

authority’ in China’s state and Communist Party bureaucracies provides individuals 

with discretion to make decisions in procurement and in the running of state-owned 

firms and banks and state monopolies. ‘Administrative authority’, in contrast, describes 

positions in a bureaucracy that do not involve decisions about public spending and 

economic regulation. The potential to extract bribes is evidently greater for officials 

with economic than with administrative authority. In the absence of a ‘Thomas-à-

Becket effect’, individuals with economic authority are predicted to receive larger 

bribes because they, typically, have more public assets to sell for private gain and more 

privileges to dispense. But, again, whether this is so is an open empirical question.  

 

3.3 Personal attributes 

Personal attributes of age and education influence the position that an individual in a 

public-administration or Communist Party hierarchy holds. We are interested in the 

direct relationship between personal attributes and the size of the bribes taken, that is, 

the correlation with values of bribes conditional on the type of position occupied in a 

public administration or Party hierarchy. 
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3.3.1 Age 

Age can be related non-linearly to bribes. Younger officials may be more prone to taking 

bribes because of their need for additional income to pay for housing and to start a 

family. In China younger officials may also require means to finance their own internal-

bureaucracy bribes given to higher level officials in order to obtain promotion within 

the bureaucracy (Liu and Yang 2008; Kahana and Liu 2010). It is possible in principle 

that younger officials, because of long time horizons of future employment, may be 

inhibited from taking bribes by fear of losing their job (Becker and Stigler 1974). Older 

officials in China are more prone to taking bribes because they need income to fund 

their retirement (Liu and Yang 2008), but they could in principle also fear loss of their 

job and their pension if caught. The relationship between age and bribes is ambiguous 

and an open empirical question – except that, when bribery is endemic throughout levels 

of bureaucratic and Party hierarchies, likelihood of job or pension loss may not inhibit 

bribe-taking behavior, in which case greater bribes are expected to be revealed to be 

taken by younger and older officials than by ‘middle-aged’ officials. 

 

3.3.2 Education 

Education opens career paths. Our question is whether the educational level of an 

individual has an independent influence on bribe-taking, conditional on age and on the 

individual’s position in the public-administration or Communist Party hierarchy. 

Education could impart a moral deterrent to bribe-taking. The level of education might 

be related through achievement to ‘intelligence’: Potrafke (2012) reported, when 
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comparing measures of intelligence across countries’ populations, that average IQ test 

results correlate negatively with corruption. The inference from the study by Potrafke 

is that higher intelligence is associated with people being less corrupt. A more 

intelligent and more highly educated person can be more astute in extracting bribes. 

Cognitive and non-cognitive skills that underlie success in studying can translate into 

greater personal success in receiving bribes, or less. Education can also provide access 

to peer networks that lower the risk of detection of corruption. The relationship between 

education and bribes is, therefore, also an open empirical question. 

 

3.3.3 Gender 

Nine percent of the cases in the Databank involve women having taken bribes. There 

have been different views and speculations about how gender relates to corruption. 

Mocan and Rees (2005) suggested that a woman may be less assertive in extracting 

bribes than a man in the same bureaucratic position. Larcinese and Sircar (2017) found 

that female members of the U.K. parliament were more likely to resign after being 

implicated in a parliamentary corruption scandal, suggesting women are more 

embarrassed or hold themselves to higher ethical standards than men when indiscretions 

become publicly known. Dollar et al. (1999) proposed that women are intrinsically 

more honest than men. Goetz (2007) took the view that women take fewer bribes 

because of limited opportunities compared to men but that there are no intrinsic gender 

differences regarding bribe-taking. There are various prospective influences on the 

relation between gender and corruption (see Hillman 2019, chapter 14). When 
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corruption networks are composed principally of men, women are reluctant to 

participate in the male-dominated networks because of unwanted sexual advances. 

Women are inhibited from taking bribes from men when there is cultural ambiguity in 

why men are paying money to women. Cameron et al. (2017) found that in China 

increases in crime are associated with males seeking wealth to be attractive mates in 

circumstances of gender imbalance, which suggests greater bribes sought by men. 

Women may, however, seek bribes to avoid subjugation and dependence on men. We 

have no prior on whether women in China are more corrupt than men. Again, the answer 

is empirical. 

 

4. The data and the empirical strategy  

In this section, we describe the data and explain our estimation strategy. Appendices A 

and B report details of the China Corruption Conviction Database and the 

supplementary sample of non-convicted officials used to study if there is selection bias 

in the data. Tables A1 to A4 provide descriptive information. The dataset and computer 

code are available in the supplementary material. 

 

4.1. The dependent variable 

The dependent variable rent measures the monetary value of the bribes (in cash or in 

kind) in 2010 prices amassed prior to being caught, charged, and convicted, as recorded 

in the court documents.7 Figure 1 shows the sample distribution of the logarithm of 

 
7 We deflate all nominal values by the Consumers’ Price Index to obtain constant 2010 RMB. We use the end-of-the-
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rent (ln rent), which is the dependent variable in the estimations. The distribution 

appears normal but with a fatter right tail. Table A1 in appendix A reports information 

on the distribution of observations across time and across the 31 provinces of China. 

Table A2 provides summary statistics for all the variables in the primary sample of 

convicted officials. Table A3 reports a correlation matrix.8 

[Figure 1 to appear here] 

4.2 Explanatory variables 

We measure the responsibilities of an official in the public-administration and Party 

hierarchy by the official’s position at the time of receiving bribes. The place in the 

public administration hierarchy determines the size of the population or geographical 

entity that an official oversees. Positions higher up the hierarchy are associated with 

more responsibilities. We categorize all officials, whether in public-administration 

bureaucracies, government agencies, state-owned enterprises, or Communist Party 

officials and ‘leaders’, into five hierarchical levels of public administration: bottom 

level officials, township level officials, county level officials, prefecture level officials, 

and province level officials +. The reference category in the estimations is bottom level 

officials. 

 

year exchange rate for 2010 published by the National Bureau of Statistics of China to convert U. S. dollar values into 

RMB. 

8 We use throughout the term `province’ to refer to the 22 provinces, the four large cities (municipalities) that are 

directly controlled by the central government and have the functions of provinces, and the five autonomous regions 

with significant population shares of ethnic groups. Table A1 in the appendix lists the 31 administrative units by type. 
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To proxy for type of authority, we use information on the ‘sectors’ in which officials 

were employed prior to conviction. Officials employed in government departments, 

including the standing committees of the government and the Communist Party 

congresses, consultative conferences, and personnel departments are classified as 

having administrative authority. Officials employed in state-owned banks, credit 

companies, insurance companies, securities companies, futures-trading companies and 

government agencies in charge of the financial sector, and those working in various 

state-owned monopolies (for example, in communications, transportation, tobacco, 

electricity, oil and gas, and real estate) are classified as having economic authority. All 

other officials without a specific administrative or Party rank are placed into a third 

base category, other authority, which serves as the omitted category in the estimations. 

Examples of officials in this latter category include a senior engineer who assesses a 

product and gives a false report after taking a bribe, a doctor who takes bribes from a 

pharmaceutical manufacturer and recommends the medication to his patients and 

colleagues, or a university professor who takes a bribe to give preferential treatment to 

students for admission to studies or for grades given. 

To allow for the possibility of a non-linear relationship between ln rent and age 

(Age), we include in the estimations the square of the official’s age (Age-squared).9 To 

investigate whether gender correlates with the size of the bribes, we code the indicator 

 

9 In China, the retirement age for ordinary public officials is 60 years. Officials in the provincial leadership can stay in 

office till the age of 65 and central government leaders up to the age of 70, although the President of China in 2019 

extended his tenure in office to more terms.  
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variable male as one if the official is male. The Databank records the officials’ levels of 

education, which we classify into three categories, 9 years of education or below, 10-

12 years of education, and 13 years of education + (at least a college degree). The 

reference category in the estimations is the first category. 

 

4.3 Province-level control variables 

We control at the province level for five macroeconomic variables that vary by year. 

The most important of these variables, law enforcement, codes variation in the 

effectiveness of law enforcement in each province over time.10 Although the judicial 

system is centralized throughout China, law enforcement efforts can vary across 

provinces and time. To measure the effectiveness of law enforcement, we use the time 

lag (in years) between the occurrence and detection of corruption, on the assumption 

that the longer is the time lag, the less effective is law enforcement. We transform the 

coding so that a higher value indicates more effective law enforcement in a province. 

This is an important control variable. It helps us isolate the conditional correlation 

between the main explanatory variables and the bribes that individual officials took, 

from the effect of spatial and temporal variation in law enforcement at the province-

year level. Such variation may indicate more or lesser effort exerted by the prosecution 

to uncover the details associated with a corruption case and affect the number of 

corruption cases prosecuted. 

 

10 To compare for example with the U.S., see Campante and Do (2014), who analyze federal convictions of public 

officials for corruption-related crime. 
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We expect average province income to influence the size of the bribes. We control 

for province income per capita (income). To control for differences in the demographic 

structure of provinces over time, we include the variables population size and 

population density. As a control, we also use the variable urbanization, measured as the 

share of a province’s population who are urban dwellers. We introduce additional 

province-level variables into the baseline model as part of robustness checks reported 

in section 6.4. The data for the province-level control variables (except for law 

enforcement) are from statistical yearbooks published by local governments in various 

years. 

 

 

4.4 Empirical strategy  

The data have a hierarchical structure: they record individuals within provinces and for 

different years. To exploit this, we estimate a multi-level model with three levels: the 

individual, the province, and the province-year level. Accordingly, the unit of analysis 

is an official i convicted in province j in year t. The econometric model is: 

ln 𝑟𝑒𝑛𝑡𝑖𝑗𝑡 = 𝛼 + 𝑃𝐶𝑖𝑗𝑡𝛽1 + 𝐻𝑖𝑒𝑟𝑎𝑟𝑐ℎ𝑦𝑖𝑗𝑡𝛽2 + 𝐴𝑢𝑡ℎ𝑜𝑟𝑖𝑡𝑦𝑖𝑗𝑡𝛽3 + 𝑋𝑗𝑡𝛾 + 𝜇𝑗 + 𝜏𝑡 + 𝜀𝑖𝑗𝑡 ,   (1) 

where the outcome variable ln rent is the log of the real value of the bribes taken by 

official i convicted in province j in year t. The econometric model includes three groups 

of variables at the individual level and one group that varies at the province-year level 

only. First, the vector PC (personal characteristics) contains the variables related to the 

official’s age (Age and Age-squared), gender (Male) and educational level (10-12 years 
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of education and 13 years of education +, with 9 years of education or below as the 

reference group). Second, the vector Hierarchy contains the five indicator variables for 

the officials’ positions in the public-administration and Communist Party hierarchy, 

with the omitted category being bottom level officials. Third, the vector Authority 

contains the two variables indicating the type of authority – administrative or economic 

– of the official, measured relative to the reference group other authority. Fourth, the 

vector X contains the control variables that vary at the province-year level. In the 

baseline specification, these are the measures of law enforcement, province income per 

capita, population size, population density, and urbanization. The econometric model 

includes province j  and year t  fixed effects. 𝜖𝑖𝑗𝑡  is an error term. The two fixed 

effects play an important role in the multi-level model. The province fixed effects 

capture unobserved time-invariant institutional and socio-economic factors that affect 

officials’ bribes in a particular province. The year fixed effects, which refer to the year 

of the crime rather than to the year of conviction, capture shocks to law enforcement 

(including the various anti-corruption programs initiated by the central government) or 

to the economy that are common across China. The coefficients on the individual-level 

variables that are the focus of our investigation are, therefore, estimated from within 

province-year variation in the characteristics and circumstances of the officials who 

were convicted. We estimate equation (1) with Ordinary Least Squares (OLS) and 

cluster the standard errors at the province level to account for the unit of observation 

being at the individual level whereas province-specific variables vary at the province-

year level. 



22 
 

 

5. Results 

Table 1 presents the main results. Column 1 reports a parsimonious specification 

without province and year fixed effects or any of the province-level controls. Columns 

2 and 3 add time and province fixed effects in turn. Column 4 adds both. Column 5 

reports the complete baseline model with all fixed effects and province-level controls. 

We observe that the sign, size, and statistical significance of the coefficients estimated 

are stable across the specifications. The estimates for the variables of interest are 

statistically significant except for the gender variable. Our interpretation of the results 

is based on the complete specification in column 5 in accordance with both the Akaike 

and the Schwarz information criteria. 

[Table 1 to appear here] 

The results reveal that the position of an official in the public-administration or 

Party hierarchy is positively correlated with the bribes taken. Officials at the provincial 

level and above at the top of the hierarchy take larger bribes than other officials. The 

size of the bribes taken falls progressively for officials at lower levels of public 

administration. The quantitative effect is large: the size of the bribes taken by officials 

at the provincial level and above, the prefecture level, the county level, and at the 

township level of the hierarchy of public administration, is 1328%, 1180%, 397%, and 

115%, respectively, greater than bribes collected by the bottom level officials.11  

 

11 François and Méon (2018) report a similar result for French politicians, who are perceived to be more corrupt at the 

national than at the local level. 
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One explanation for this result could be that a position higher up the hierarchy of 

local government ceteris paribus provides greater potential for taking bribes. In 

particular, higher up officials, such as those in the standing committee of the 

Communist Party in charge of deciding who is to be promoted, have many opportunities 

to collect bribes from their subordinates (Liu and Yang 2008; Kahana and Liu 2010). 

The bribe potential of positions higher up the hierarchy would not be exploited if 

higher-level officials acted with social responsibility in accord with a `Thomas-à-

Becket effect’ and did not take bribes. We find, however, no evidence of a `Thomas-à-

Becket effect’ in Chinese public-administration and in the parallel Communist Party 

bureaucracy. On the contrary, our empirical results show that officials positioned higher 

up in the public-administration and Party hierarchy, tend to take larger bribes. Even if 

a `Thomas-à-Becket effect’ does exist to a certain degree, it is not sufficiently strong to 

counter the `bribe potential’ effect.12 

The conditional correlations show that economic authority facilitates significantly 

more bribe-taking than administrative authority. Officials with administrative authority 

receive 117% larger bribes than those in the base category (other authority), while 

officials with economic authority receive 197% more than the base category.  

 

12 Another explanation that could be proposed is that the police use different bribe thresholds for determining when 

it is `worthwhile’ prosecuting officials, with a lower threshold for officials at the bottom levels of the governmental 

hierarchy than for those at the top levels. The data, however, show that the police prosecute cases involving small 

bribes at all hierarchical levels of government. This makes it unlikely that differences in prosecution strategies can 

explain the strong positive correlation between the size of the bribe and the prosecuted official’s position in the 

hierarchy of government. 
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Gender is not correlated with the size of the bribes taken. This finding is 

inconsistent with the results reported by Dollar et al. (1999), Swamy et al. (2001) and 

Mocan and Rees (2005) that women are less corrupt or corruptible than men, but is in 

line with previous studies of bribe-giving in the education sector in China (Liu and Peng 

2015a, 2015b).  

Since we condition on the official’s position in the local-government hierarchy and 

because most officials are not successful in being promoted to the top levels, it is 

possible to isolate the correlation between age per se and the size of the bribes taken. 

The age-bribe relationship is U-shaped. This is consistent with life-cycle incentives 

whereby bribes collected by young and old officials are larger than those collected by 

the middle-aged.13 Figure 2 plots the marginal effect of Age (in years) on the size of 

the bribes (ln rent) along with 90% confidence intervals. We see that the marginal effect 

is negative for young officials and positive for old ones but that we have few 

observations in the tails where the marginal effect is statistically significant. Moreover, 

the quadratic formulation of the age effect assumes a particular functional form and that 

the marginal effect is linear in age (Hainmueller, Mummolo and Yiqing 2019). A more 

flexible way to model the non-linear age-bribe relationship is to break the sample into 

age groups. In Table S0 in the online appendix, we report specifications with three 

groups: the young (officials below 35), middle-aged (officials between 36 and 59), and 

the old (officials 60 and above). Since the group of officials above 60 is small (N=295), 

 

13 Swamy et al. (2001) reported a U-shaped relation between age and corruption among bribe-givers. 
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we also show the estimates for the larger group of officials above 55 (N=2561) and 

adjust the definition of the dummy variable for the middle-aged accordingly. We find 

that the bribes taken by young relative to middle-aged ones are statistically larger and 

robustly so. The bribes taken by the old, particularly for those above 60, are also larger 

than for the middle-aged officials. For the larger group of officials aged 55 and above, 

the difference is, however, smaller and significant only at the ten percent level.  

[Figure 2 to appear here] 

We find that the size of bribes taken correlates positively with educational 

attainment. Calculated by the estimates from column 5 of table 1, an official with a 

college degree collects 47% larger bribes on average than an official who has 9 years 

of education or below; officials with high school education (10-12 years of schooling) 

take 46% more bribes than the reference group, slightly less than officials with higher 

education. 14  Education, therefore, does not correlate with less corruption. 15  The 

finding is consistent with the phenomenon in public administration in China of ‘over 

education’: individuals are often overly qualified for the tasks they are assigned and are 

underpaid relative to their qualifications (Wu and Wang 2018). An interpretation of the 

 

14 We find the same positive correlation when we replace the education category dummy variables with a continuous 

variable that counts years of education. The coefficient on this variable in a regression similar to that reported in column 

5 of table 1 is 0.11 with a t-statistic of 2.21 (see table S0 in the online appendix). 

15 These results contradict findings that education deters corruption (e.g., Glaeser and Saks 2006; Mocan 2008; Machin 

et al. 2011). Circumstances in these other studies are different and ‘education’ does not necessarily relate to the 

education level of public officials. For example, Machin et al. (2011) studied the consequences for crime of increasing 

time in school. Education can empower resistance to extortion among the general public. 
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positive correlation between bribes and education, therefore, is that officials 

compensate for the underpayment through bribes.  

The multi-level model includes time-varying province-level control variables that 

are of independent interest. Our model can deliver reliable estimates of these province-

level effects (see Bryan and Jenkins 2015 for when this is the case). Among the control 

variables, law enforcement, and population size have significant coefficients. 

According to the estimates in the benchmark model in table 1, an increase in law 

enforcement (or a decrease in the time lag between occurrence and detection of corrupt 

practices) by one year tends to reduce the average size of the bribe collected by 7.8%. 

Population size is negatively correlated with the size of the bribe, while population 

density is positively correlated. The coefficients on income and urbanization are not 

statistically significant. The result that province income appears to be uncorrelated with 

the size of the bribes taken by officials in that province is surprising and we examine 

the issue in greater detail in section 6.3 and in the online appendix. 

 

6. Robustness checks 

We conducted four important robustness checks. The first is related to potential 

selection bias, the second to the choice of sample, the third to income, and the fourth to 

additional province-level controls. The detailed results of the last three robustness 

checks are available in an online appendix. All robustness checks corroborate our 

baseline results. 
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6.1 Selection bias 

To consider possible selection bias, we collected a random sample of 9,725 public 

administration and Party officials employed in positions similar to those in our main 

sample who had not been accused of or charged with corruption. This sample, which is 

stratified across the 31 provinces but pertains to officials in 2018 only (see appendix B 

for details and table A4 for descriptive statistics), most likely contains a mixture of non-

corrupt and corrupt officials. With this sample, we can estimate a Heckman selection 

model. The outcome equation is similar to equation (1), except that we cannot control 

for year fixed effects because the sample of non-convicted officials is for one year only. 

The selection equation is a Probit model for the probability of being convicted as a 

function of the officials’ personal traits and the province-level control variables. We do 

not have any variables that plausibly could be excluded from the selection equation, so 

the identification comes from the functional-form assumption. To gain efficiency, the 

Heckman selection model is estimated with the maximum likelihood estimator rather 

than with the two-step estimator. Table 2 shows the results. Column 1 presents the 

benchmark OLS regression without the time fixed effects. Columns 2 and 3 present the 

estimates of the outcome and selection equations, respectively, for the Heckman 

selection model. We can make two observations. First, the differences between the point 

estimates of all the variables in the Heckman and the baseline OLS model are tiny. 

Second, the LR test for independence between the outcome and selection equation 

returns a χ2 statistic with a p-value of 0.47 and the point estimate of ρ, the correlation 

between the error terms of the outcome and selection equation, is 0.17. These results 
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indicate that selection on personal traits and circumstances does not play a major role, 

suggesting our correlational results are valid for the broader body of public 

administration and Party officials in China. 

 

[Table 2 to appear here] 

 

6.2 Choice of subsamples 

Our data have an uneven distribution of observations across time (year of crime) and 

provinces (see table A1 in the appendix). The multi-level model allows us to estimate 

unobserved province and time fixed effects. We can, however, go one step further and 

investigate whether the ‘slope’ parameters related to the variables of primary interest 

vary for different subsamples defined by geography and time period. To see whether 

this affects the results in the benchmark model, we consider six subsamples. We control 

for the same set of province-level variables as in the benchmark model together with 

the year and province fixed effects. Table S1 in the online appendix presents the results, 

which show that the conditional correlations from the benchmark model are robust to 

the choice of subsample. 

 

6.3 Province-level income and corruption 

A stylized fact about the determinants of corruption from the cross-country literature is 

a strong negative correlation between GDP per capita and corruption (for example, 

Paldam 2002; Mendez and Sepulveda 2006; Haque and Kneller 2009; Aidt 2009, Méon 

and Weill 2010). We do not find a similar correlation between province level income 

and the (average) value of bribes taken (see Table 1 and Table S2 in the online appendix). 
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A reason could be simultaneity between corruption and province income. In cross-

national studies, researchers often use geographical attributes such as distance to the 

equator, latitudes, coastline, average temperature, or the pre-historical stocks of 

potentially domesticated plants or animals as instruments for income (see Mocan 2008; 

Gundlach and Paldam 2009). Such time-invariant instruments are not applicable for 

estimation with the multi-level panel data that we use, but we can use a long lag of 

income as an instrument. When we do, we continue to find an insignificant result. 

  

6.4 Robustness checks with more province-level control variables 

Another concern with our main results is the potential effect of unobserved province-

level factors. We controlled for five important province-level variables in the 

benchmark model. China is a country with considerable heterogeneity across provinces, 

not only in geography, but also in demography, culture, and economic development. To 

establish whether our main results are affected by omitted variable bias arising from 

omitted province-level time-varying factors, we conducted regressions with seven 

additional province-year level variables: ethno-fractionalization measured by the share 

of minorities in a province’s population, primary schooling, secondary schooling, 

higher education, the ratio of investment to GDP, the ratio of government expenditures 

to GDP, and trade openness (see table A2 in the appendix for definitions and summary 

statistics). These regressions enable us to evaluate the stability of the coefficients 

associated with the individual-level variables of primary interest. Table S3 in the online 

appendix presents the results and shows that they are stable. We have also checked and 
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found that the main results are robust to different transformations of income and 

population, including log transformations.  

 

 

7. Concluding remarks 

Using data from the China Corruption Conviction Databank, we have studied bribes 

taken by individuals in the decentralized-government public-administration and 

Communist Party hierarchies in China. The lack of previous studies using data on 

individuals in China or elsewhere (see however Chen and Liu 2018) may be due to 

issues of confidentiality. For the data we have used, confidentiality is not an issue. The 

data are open to the public on the internet.  

We have addressed potential selection bias and found no evidence that this is a 

significant problem in our data sample. We, therefore, infer applicability of the 

correlational results from our sample to the broader population of public-administration 

and Communist Party officials at different hierarchical levels of government in China. 

 Our results suggest a challenging anti-corruption task of the central government 

of China. We have found no evidence of social responsibility through a Thomas-à-

Becket effect at higher levels of public-administration and Party hierarchies. Being 

higher up in the local-government hierarchy is associated with higher bribes. Officials 

appear to take advantage of the broader base for bribes at higher levels of local-

government public-administration and parallel Communist Party hierarchies. Higher 

bribes are associated with having economic as opposed to administrative authority. 
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Again, officials appear to take advantage of the greater opportunities for bribes from 

exercising discretion in dispensing of funds and regulation. Having more education is 

associated with receiving higher bribes. Education does not confer attitudes of ethical 

behavior and respect for the rule of law. The evidence of systematic relations between 

age and bribes is consistent with life-cycle incentives. There appear to be no inhibitions 

through fear of losing jobs or pensions. On gender, the various proclamations on women 

being less prone to corruption are not borne out in our data. Gender is not correlated 

with the size of the bribes taken.  

Why are these conclusions important? Awareness of where in official hierarchies 

corruption systematically occurs, and information on values of bribes and attributes of 

the individuals who take the bribes, allow understanding of how corruption manifests 

itself. Our results suggest where in public-administration and Party bureaucracies 

incentives need to change to overcome tendencies for officials to take bribes.   

We conclude with observations on bribes as rents. There is injustice when the 

authority of public-administration or political officials is used to appropriate income or 

land and property from people, but there are also efficiency issues. Bribes that are 

extorted are illegal taxes that create deadweight losses (Hillman 2019, chapter 14). 

There are also efficiency losses through rent seeking (Tullock 1967 observed these 

losses; see the overview in Hillman and Long 2019). Bribes are income transfers but, 

for the individuals in positions in official hierarchies in which the bribes are obtained, 

the bribes are rents to be defended or contested (Hillman and Katz 1987; Aidt 2016). 

Contests then take place (Konrad 2009). The bureaucracies become personal domains. 
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In-fighting and intrigues of personal coalition formation in public administration and 

Party hierarchies can prevail over officials attending to designated functions.16 

There is evidence (Baldacci et al. 2004) suggesting that reducing public spending, 

in particular on administrative bureaucracies, enhances economic development and 

increases economic growth, by reducing the number of government officials and 

thereby bribery and rent seeking. In China, the presence of dual bureaucracies of public 

administration and the Communist Party can enhance the significance of such a 

conclusion. We do not know and have yet to investigate how smaller government and 

reduced Party oversight is an option for curtailing bribery and rent seeking in public-

administration and political hierarchies of a large economy in which centralized 

government control is sought.                 

  

 

16 Rent seeking also enters into a comparison between efficiency losses from taxation and bribery. Taxes attract rent 

seeking when spending of budgetary revenue is contestable (Park et al 2005). Bribes in contrast are usually sought 

personally. Social losses from rent seeking in contesting rents that provide collective benefits are bounded substantially 

below the values of resources used in contesting rents of the same value that provide personal benefit (Ursprung 1990). 
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Figure 1 Distribution of the dependent variable ln rents  

 

Source: The China Corruption Conviction Databank  
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Figure 2 The marginal effect of ln rent as a function of age 
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Table 1 The main results  

Dependent variable: ln rent 1 2 3 4 5 

Male 0.025 -0.014 0.094 0.081 0.091 

 (0.25) (0.22) (0.21) (0.20) (0.20) 

Age -0.18*** -0.17*** -0.16*** -0.15*** -0.15*** 

 (0.046) (0.042) (0.049) (0.045) (0.046) 

Age-squared 0.0019*** 0.0018*** 0.0017*** 0.0017*** 0.0017*** 

 (0.00052) (0.00048) (0.00055) (0.00051) (0.00052) 

10-12 years of education 0.42*** 0.42*** 0.41*** 0.39*** 0.38*** 

 (0.11) (0.11) (0.12) (0.12) (0.12) 

13 years of education + 0.38** 0.39*** 0.39** 0.38** 0.39** 

 (0.14) (0.14) (0.18) (0.19) (0.19) 

Township level officials 0.79*** 0.80*** 0.76*** 0.78*** 0.77*** 

 (0.23) (0.24) (0.22) (0.24) (0.24) 

County level officials 1.80*** 1.76*** 1.69*** 1.66*** 1.60*** 

 (0.30) (0.32) (0.33) (0.35) (0.34) 

Prefecture level officials 2.85*** 2.72*** 2.74*** 2.64*** 2.55*** 

 (0.55) (0.50) (0.58) (0.54) (0.50) 

Province level officials + 2.86*** 2.76*** 2.64*** 2.59*** 2.66*** 

 (0.70) (0.71) (0.71) (0.73) (0.75) 

Administrative authority 0.91*** 0.89*** 0.82*** 0.78*** 0.77*** 

 (0.25) (0.25) (0.26) (0.25) (0.24) 

Economic authority 1.02*** 1.06*** 1.02*** 1.08*** 1.09*** 

 (0.11) (0.11) (0.11) (0.12) (0.12) 

Law enforcement     -0.078*** 

     (0.027) 

Income      0.0000019 

     (0.0000057) 

Population size     -0.00021** 

     (0.000098) 

Population density     0.052** 

     (0.025) 

Urbanization     -1.28 

     (1.14) 

Time Fixed Effect NO YES NO YES YES 

Province Fixed Effect NO NO YES YES YES 

R-squared 0.35 0.37 0.40 0.42 0.42 

AIC 134645.1 133694.4 131853.3 130945.1 130518.3 

BIC 134747 133949.2 131946.7 131199.9 130773.1 

Notes: Robust standard errors clustered at the province level in parentheses. Observations: 36121. The percentage 

change in rent per one-unit change in one of the independent variables is 100*(exp(β)-1). The reference category for 

education is 9 years of education or below, for hierarchy, bottom level officials, and for authority, other authority. 

*** p<0.01, ** p<0.05, * p<0.1. 
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Table 2 Results from the Heckman selection model 

Dependent variable: Ln rent Ln rent Corrupt 

 1 2 3 

Male 0.066 0. 092 0.64*** 

 (0.21) (0.21) (0.07) 

Age -0.16*** -0.16*** 0.038 

 (0.047) (0.047) (0.048) 

Age-squared 0.0018*** 0.0018*** -0.0006 

 (0.00054) (0.00055) (0.0005) 

10-12 years of education 0.41*** 0.41*** -0.67*** 

 (0.12) (0.12) (0.23) 

13 years of education + 0.44** 0.38** -2.55*** 

 (0.19) (0.19) (0.25) 

Township level officials 0.74*** 0.70*** -1.18*** 

 (0.23) (0.27) (0.28) 

County level officials 1.60*** 1.54*** -1.60*** 

 (0.34) (0.40) (0.35) 

Prefecture level officials 2.55*** 2.53*** -0.71* 

 (0.51) (0.53) (0.42) 

Province level officials + 2.57*** 2.60*** -0.09 

 (0.72) (0.70) (0.39) 

Administrative authority 0.78*** 0.76*** -0.14 

 (0.24) (0.26) (0.13) 

Economic authority 1.02*** 1.10*** 2.19*** 

 (0.11) (0.18) (0.15) 

Law enforcement -0.079*** -0.080*** 0.030 

 (0.024) (0.024) (0.031) 

Income 0.0000059 0.0000062 0.0000024 

 (0.0000046) (0.0000045) (0.0000041) 

Population size -0.00016 -0.00016 0.00029* 

 (0.000096) (0.000097) (0.00017) 

Population density 0.043** 0.042** 0.054** 

 (0.017) (0.019) (0.024) 

Urbanization -0.92 -0.95 -1.61* 

 (0.71) (0.70) (0.87) 

R-squared 0.41   

Observations  36121 45846 45846 

ρ 

χ2 (p-value) 

 
 

0.17 

0.47 

Notes: Robust standard errors clustered at the province level. Constant and province FE not reported. The reference 

category for education is 9 years of education or below, for hierarchy, bottom level officials, for authority, other authority. 

Time FE not included. Heckman model estimated with ML. Corrupt is equal to one if the official is convicted and zero 

otherwise. ρ is the correlation between the errors in the outcome and selection equations. The χ2 test statistic is a LR test 

of the null hypothesis of independence of the selection and outcome equations. *** p<0.01, ** p<0.05, * p<0.1. 
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Appendix A: The main sample 

The main dataset on bribery and personal attributes used for analysis in this study is 

drawn from the China Corruption Conviction Databank. The work on the Databank 

began in 2008. The Databank records information from court documents for corruption-

related convictions in China from two sources. In a first phase 2008-2014, a team led 

by Liu Qijun collected data on convictions for corruption from court proceedings in 

capital cities of eight provinces in China (Anhui, Jiangsu, and Shandong provinces and 

Shanghai in eastern China; Guangdong in southern China; Henan, Hubei and Hunan 

provinces in central China). In 2015, the central government of China made corruption 

cases open to the public on the Internet and, from June 2015, photocopies of 

documentation of convictions of corruption-related crimes have been made available 

online.17 Up to the time of this research, in 2019, 54,802 cases in total were recorded 

into the Databank. The recording was carried out by students who were master and PhD 

candidates. The information from each conviction is divided into 43 variables covering 

the convicted individual’s personal data, details of corruption such as the values of 

bribes, physical evidence, bribers and witnesses involved, trial procedures, and the 

penalty. To ensure data precision and accuracy, a double recording strategy was 

followed for the Databank: every batch of court cases was divided among the recorders 

for the first recording; at the end of the first recording, the recorders exchanged the 

cases for a second recording. Finally, one of the authors of this paper (Liu Qijun) 

 

17 The data are available at the website http://wenshu.court.gov.cn (accessed March 2020) and are free to download. 

http://wenshu.court.gov.cn/
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compared the results and checked for possible errors. 32 students contributed to 

compilation of the data. It takes, on average, 30 minutes for a well-trained skillful 

recorder to mine information from a typical corruption case for the 43 variables, which 

means that the recording of data took 54,802 hours, or 18.65 years’ continuous work if 

there were one person working 8 hours per day. For this paper, we used 36,121 

observations drawn from cases of bribes from the open-access online convictions only. 

No information is provided about the selection process for the files on the internet. We 

do not know whether the cases on the internet are total convictions or a subsample. 
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Table A1 The distribution of observations across time and provinces 

Panel A 
 

Panel B  
 

Year of crime N Province ID Province name N 

1991 44 1 Anhui 6,468 

1992 121 2 Beijing [M] 1,238 

1993 157 3 Chongqing [M] 801 

1994 260 4 Fujian 4,295 

1995 259 5 Gansu 1,112 

1996 238 6 Guangdong 434 

1997 272 7 Guangxi [A] 390 

1998 346 8 Guizhou 871 

1999 411 9 Hainan 263 

2000 410 10 Hebei 2,084 

2001 481 11 Heilongjiang 602 

2002 623 12 Henan 4,416 

2003 840 13 Hubei 925 

2004 1,051 14 Hunan 1,276 

2005 1,281 15 Inner Mongolia [A]  260 

2006 1,675 16 Jiangsu 1,615 

2007 1,890 17 Jiangxi 365 

2008 2,298 18 Jilin 557 

2009 3,114 19 Liaoning 226 

2010 4,085 20 Ningxia [A] 12 

2011 4,939 21 Qinghai 87 

2012 5,409 22 Shaanxi 1,074 

2013 4,281 23 Shandong 2,463 

2014 1,586 24 Shanghai [M] 872 

2015 50 25 Shanxi 298 

  26 Sichuan 519 

  27 Tianjin [M] 126 

  28 Xinjiang [A] 246 

  29 Yunnan 208 

  30 Zhejiang 1,971 

  31 Tibet [A] 47 

TOTAL: 36,121 TOTAL:  36,121 

Notes: [M] refers to directly administrated cities or municipality under the administration of the central government 

with status equal to that of the provinces. [A] refers to autonomous regions, which have a higher population of a 

particular minority ethnic group along with its own local government. The rests are provinces. We use the collective 

term province to refer to these administrative units. 
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Table A2. Variable definitions, data sources and summary statistics for the primary sample of convicted officials. 

Variable Definition [Source] Mean SD. Min. Max. 

Rent Amount of the rent (bribes) extracted per 

court case, in 2010 prices [A] 

120939.5 796754.7 8.8363 3.26e+7 

ln rent Logarithm of rent [A] 9.2628 1.9373 2.1789 17.2993 

Male Dummy variable (=1) if an official is 

male, 0 otherwise [A] 

.9119 .2834 0 1 

Age The corrupt official’s age when the 

corruption practice occurred. 

44.75 7.78 17 78 

Education      

9 years or below Dummy variable (=1) if an official has 9 

years of education or less, 0 otherwise 

[A] 

0.1798 0.3840 0 1 

10-12 years Dummy variable (=1) if an official has 

10 to 12 years of education, 0 otherwise 

[A] 

0.19991 0.4000 0 1 

13 years + Dummy variable (=1) if an official has 

over 12 years of education, 0 otherwise 

[A] 

0.6202 0.4853 0 1 

Hierarchy       

Bottom level Dummy variable (=1) if an official is at 

the bottom level, 0 otherwise [A] 

0.2175 0.4126 0 1 

Township level Dummy variable (=1) if an  official has 

a rank at the township level, 0 otherwise 

[A] 

0.4191 0.4934 0 1 

County level  Dummy variable (=1) if an  official has 

a rank at the county level, 0 otherwise 

[A] 

0.2553 0.4360 0 1 

Prefecture level  Dummy variable (=1) if an  official has 

a rank at the prefecture level, 0 otherwise 

[A] 

0.0868 0.2816 0 1 

Province level +  Dummy variable (=1) if an  official has 

a rank at the provincial level or above, 0 

otherwise [A] 

0.0213 0.1443 0 1 

Authority      

Other authority Dummy variable (=1) if an official 

serves in other sectors, 0 otherwise [A] 

0.2355 0.4243 0 1 

Administrative 

authority 

Dummy variable (=1) if an official 

serves in core government departments, 

0 otherwise [A] 

0.2089 0.4065 0 1 

Economic authority Dummy variable (=1) if an official 

serves in the financial sector, relevant 

government agencies, and state-owned 

monopolies, 0 otherwise [A] 

0.5556 0.4969 0 1 



41 
 

Control variables      

Law enforcement 21 minus the detection lag [A] 17.83 2.78 1 21 

Income  Real GDP per capita in 2010 values [B] 31767.3 23103.8 1193.4 174322 

Income t-5 Real GDP per capita, 5-year lags in 2010 

values [B] 

15938.5 13951.2 629.8 121545 

Population size Population, in 10,000 persons [B] 5832.9 2591.4 288.8 10724 

Population density Persons per km2 [B] 7.9451 48.6995 0.0002 319.42 

Urbanization Share of urban population [B] 0.4452 0.1402 0.1358 0.8960 

Ethno-fractionalization Share of minorities in a province [B] 0.1832 0.2531 0.0029 0.7757 

Primary schooling Ratio of primary schooling enrollment to 

population (%) [B] 

7.6256 2.0541 2.9561 15.9432 

Secondary schooling Ratio of secondary schooling enrollment 

to population (%) [B] 

6.4019 1.4438 2.8364 11.0204 

Higher education Ratio of higher education enrollment to 

population (%) [B] 

1.5609 0.6724 0.0933 3.9882 

Investment  Ratio of investment to GDP [B] 0.6146 0.1935 0.2452 1.9949 

Government 

expenditures 

Ratio of government expenditures to 

GDP [B] 

0.1307 0.0546 0.0673 1.5903 

Openness Ratio of imports and exports to GDP [B] 0.3134 0.3551 0.0103 2.1733 

Notes: [A] from China Corruption Conviction Databank; [B] from the Statistical Yearbooks published by relevant 

provinces. Observations: 36121. 
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Table A3 Correlation matrix of the dependent variable and the province level control variables in the sample of 

convicted officials 

 (1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11) (12) (13) 

(1) ln rent 1             

(2) Law enforcement -.19 1            

(3) Income -.02 .36 1           

(4) Income t-5 -.003 .32 .98 1          

(5) Pop. Size -.12 -.02 -.29 -.28 1         

(6) Pop. Density .03 .02 -.06 -.06 -.00 1        

(7) Urbanization  -.10 .26 .70 .64 -.21 .03 1       

(8) Ethno-fract. .05 .13 -.18 -.16 -.19 .24 -.07 1      

(9) Pri. Schooling -.02 -.18 -.60 -.55 .31 -.04 -.48 .16 1     

(10) Sec. schooling .08 -.36 -.51 -.49 .02 .25 -.23 .02 .48 1    

(11) Higher education .02 .34 .79 .73 -.40 .10 .56 -.12 -.75 -.35 1   

(12) Investment -.16 .45 -.02 -.11 -.05 -.03 .18 .18 -.15 -.12 .22 1  

(13) Govt. expend. .12 -.00 .01 .04 -.28 .01 -.20 .21 -.00 .03 .07 .10 1 

(14) Openness  .13 -.09 .62 .63 -.35 -.10 .26 -.27 -.45 -.21 .53 -.45 .08 

  



43 
 

Appendix B: The secondary sample for the selection bias test 

To conduct the reported Heckman selection bias test, we collected a sample of 

incumbent officials who had not been convicted for corruption-related crimes (and who 

may or may not have been corrupt). Data collection took place in August and September 

2018 and the data thus refer to a cross section of officials in that year. We followed a 

stratified random sampling strategy for data collection. In each province, the capital 

city was used and three localities were randomly selected. We collected personal 

information on incumbent officials’ age, gender, education, place of the bureaucracy in 

the hierarchy of local government, and the type of responsibility of the bureaucracy. 

The search on the internet for the information online at government websites was 

conducted by 12 students. Table A4 presents summary statistics for these data.  
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Table A4. Variable definitions, data sources and summary statistics for the secondary sample of non-convicted 

officials   

Variable Definition  Mean SD Min Max 

Male Dummy variable (=1) if an official is male, 0 otherwise 0.7895 0.4077 0 1 

Age The corrupt official’s age when the corruption practice 

occurred. 

44.59 7.630 25 64 

9 years or below Dummy variable (=1) if an official has 9 years of 

education or less, 0 otherwise 

0.0009 0.0304 0 1 

10-12 years Dummy variable (=1) if an official has 10 to 12 years of 

education, 0 otherwise 

0.0088 0.0936 0 1 

13 years + Dummy variable (=1) if an official has over 12 years of 

education, 0 otherwise  

0.9902 0.0984 0 1 

Bottom level Dummy variable (=1) if an official is at the bottom level, 

0 otherwise 

0.0249 0.1558 0 1 

Township level Dummy variable (=1) if an  official has a rank at the 

township level, 0 otherwise 

0.4550 0.4980 0 1 

County level  Dummy variable (=1) if an  official has a rank at the 

county level, 0 otherwise 

0.4563 0.4981 0 1 

Prefecture level  Dummy variable (=1) if an  official has a rank at the 

prefecture level, 0 otherwise 

0.0551 0.2282 0 1 

Province level +  Dummy variable (=1) if an  official has a rank at the 

provincial level or above, 0 otherwise 

0.0086 0.0925 0 1 

Others authority Dummy variable (=1) if an official serves in other 

sectors, 0 otherwise 

0.3877 0.4872 0 1 

Administrative 

authority 

Dummy variable (=1) if an official serves in core 

government departments, 0 otherwise 

0.5747 0.4944 0 1 

Economic 

authority 

Dummy variable (=1) if an official serves in the financial 

sector, relevant government agencies, and state-owned 

monopolies, 0 otherwise  

0.0376 0.1903 0 1 

Note: Observations: 9,725. The county level control variables (law, income, population size, population density and 

urbanization) are not shown. We code these using the time average rather than the values at the end of the period to 

reflect that fact that the non-convicted officials could have taken bribes in other years than 2018. 
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Online appendix for: Who takes bribes and how much? Evidence 

from the China Corruption Conviction Databank 

 

Toke S. Aidt, Arye L. Hillman, and Liu Qijun 

This appendix reports robustness checks related to alternative specifications of 

core variables, the choice of subsamples, the effects of province income, and 

other provincial variables.  

Alternative specifications 

The main specification in table 1 reports the results for the age effect based on 

a quadratic specification and for the education effect based on different 

education categories. In table S0, we report a specification where we use 

category age groups to capture the age effect and a continuous measure of 

education to capture the effect of education. Specifically, the regression reports 

a specification with three age groups: the young (officials below 35), the 

middle-aged (officials between 36 and 59), and the old which is coded in two 

ways, either as officials 60 and above or official 55 and above. The group of 

officials above 60 is small (only 295). The omitted category is middle-aged. We 

find that the bribes collected by young and old officials related to middle-aged 

ones are statistically larger but that the effect is strongest for the small group of 

officials 60 and above and statistically significant at the ten percent level only 

for officials 55 and above columns (2) and (5). The regression also reports a 

positive correlate between the convicted officials’ educational attainment and 
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the size of the bribe collected when we replace the education category dummy 

variables with a variable that counts years of schooling. We do not know 

precisely how many years each official spent in education; only their highest 

qualification. We attribute to each official the years of schooling associated with 

their highest qualification.  
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Table S0. Specifications with age by age-group dummies and education in years of schooling. 

Dependent variable: ln rent (1) (2) (3) (4) (5) 

      

Male 0.086 0.084  0.054 0.053 

 (0.20) (0.20)  (0.20) (0.20) 

Young officials (N=4533) 0.31*** 0.32***  0.27** 0.29*** 

 (0.10) (0.10)  (0.10) (0.10) 

Old officials 60 and above (N=295) 0.59***   0.64***  

 (0.15)   (0.15)  

Old officials 55 and above  (N=2561)  0.23*   0.28* 

  (0.13)   (0.14) 

Age   -0.16***   

   (0.043)   

Age squared   0.0018***   

   (0.00050)   

10-12 years of education   0.38*** 0.37***    

 (0.12) (0.12)    

13 years of education + 0.37* 0.38**    

 (0.18) (0.18)    

Years of Schooling   0.11** 0.10** 0.10** 

   (0.049) (0.046) (0.048) 

Township level officials 0.76*** 0.75*** 0.71*** 0.70*** 0.70*** 

 (0.23) (0.23) (0.23) (0.22) (0.22) 

County level officials 1.61*** 1.59*** 1.46*** 1.47*** 1.45*** 

 (0.33) (0.34) (0.33) (0.32) (0.32) 

Prefecture level officials 2.57*** 2.54*** 2.29*** 2.32*** 2.28*** 

 (0.51) (0.50) (0.42) (0.43) (0.42) 

Province level officials + 2.71*** 2.67*** 2.40*** 2.47*** 2.42*** 

 (0.79) (0.74) (0.63) (0.68) (0.63) 

Administrative authority 0.77*** 0.77*** 0.75*** 0.76*** 0.75*** 

 (0.24) (0.24) (0.22) (0.22) (0.22) 

Economic authority 1.10*** 1.09*** 1.09*** 1.09*** 1.09*** 

 (0.11) (0.11) (0.11) (0.11) (0.11) 

Province fixed effect YES YES YES YES YES 

Time fixed effects YES YES YES YES YES 

Observations 36,121 36,121 36,121 36,121 36,121 

R-squared 0.421 0.420 0.427 0.426 0.425 

Notes: Robust standard errors clustered at the province level in parentheses; constant, province and year fixed effects 

and the regional control variables from Table 1, column 5 included but not reported. Young officials are 35 years of 

age or below and old officials are either 55 or 60 and above. Years of schooling records the number of years each 

official spend in education. *** p<0.01, ** p<0.05, * p<0.1. 
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Choice of subsamples 

Our data have an uneven distribution across time and provinces (see table C1 

in the appendix of the main paper). The multi-level model allows us to model 

unobserved province and time fixed effects. We can however go one step 

further and investigate whether the “slope” parameters related to the variables 

of our primary interest vary across time and for different subsamples defined 

by geography and time period. To see whether this affects the results in the 

benchmark model, we used six subsamples of the data for estimation. As with 

the benchmark model, we used the OLS technique and controlled for the same 

set of province-level variables together with the year and province fixed effects. 

Table S1 presents the results. 

Table S1. Robustness analysis with subsamples 

Subsamples: N>200 2004-2014 1st 

percentile 

5th 

percentile 

10th 

percentile 

1/3 

random 

Dependent variable: ln rent 1 2 3 4 5 6 

Male 0.094 0.17 0.15 0.11 -0.010 -0.0078 

 (0.20) (0.19) (0.19) (0.23) (0.17) (0.21) 

Age -0.15*** -0.16*** -0.14*** -0.15*** -0.12*** -0.20*** 

 (0.046) (0.056) (0.044) (0.044) (0.038) (0.043) 

Age-squared 0.0017*** 0.0018*** 0.0016*** 0.0016*** 0.0013*** 0.0022*** 

 (0.00052) (0.00064) (0.00050) (0.00051) (0.00043) (0.00049) 

10-12 years of education 0.38*** 0.41*** 0.33*** 0.27*** 0.21*** 0.32** 

 (0.12) (0.12) (0.11) (0.068) (0.064) (0.13) 

13 years of education + 0.39* 0.37* 0.33* 0.27** 0.19* 0.35** 

 (0.19) (0.20) (0.18) (0.11) (0.094) (0.15) 

Township level officials 0.77*** 0.77*** 0.72*** 0.57** 0.51** 0.75*** 

 (0.24) (0.25) (0.23) (0.22) (0.22) (0.24) 

County level officials 1.61*** 1.65*** 1.56*** 1.47*** 1.31*** 1.69*** 

 (0.35) (0.34) (0.33) (0.27) (0.26) (0.33) 

Prefecture level officials 2.55*** 2.41*** 2.40*** 1.98*** 1.70*** 2.67*** 

 (0.50) (0.44) (0.45) (0.28) (0.21) (0.47) 

Province level officials + 2.71*** 2.92*** 2.51*** 2.22*** 1.69*** 2.86*** 
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 (0.77) (1.02) (0.70) (0.57) (0.41) (0.59) 

Administrative authority 0.77*** 0.68*** 0.70*** 0.64*** 0.52*** 0.84*** 

 (0.24) (0.19) (0.21) (0.12) (0.081) (0.21) 

Economic authority 1.08*** 1.07*** 1.04*** 0.94*** 0.86*** 1.05*** 

 (0.12) (0.11) (0.11) (0.098) (0.080) (0.12) 

R-squared 0.423 0.412 0.408 0.322 0.288 0.368 

Observations  35849 31609 35739 34309 32504 12122 

Notes: Robust standard errors clustered at the province level in parentheses; constant, province and year fixed effects 

and the regional control variables from Table 1, column 5 included but not reported. Column 1 restricts the sample 

to provinces with more than 200 observations; column 2 restricts the period sample to 2004-2014; columns 3 to 5 

exclude outliner observations in the 1st-, 5th-, and 10th-percentile of the ln rent distribution, respectively; column 6 

presents the estimates from a 1/3 random sample automatically drawn by Stata. *** p<0.01, ** p<0.05, * p<0.1. 
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Column 1 of table S1 shows the estimates obtained from the subsample for 

the provinces with more than 200 observations. Column 2 presents the 

estimates obtained from the subsample for the period 2004-2014 where we have 

more data points (see table A2 in the appendix of the main paper). The results 

are similar to those in the benchmark model in table 1 of the main paper. The 

coefficients for the variables of interest retain their signs and significance levels 

with little change in magnitude.  

To confirm that our estimation is not affected by arbitrary choice of 

subsamples, we conduct three more regressions using the traditional 1st-, 5th-, 

and 10th-percentile subsamples after removal of outliers. Columns 3 to 5 

present the estimates. Compared with those in the benchmark model, the 

estimates for all variables have the rights signs and are significant as previously. 

Finally, we take advantage of the Stata software to draw a random subsample. 

With only one third of the sample observations, we obtained similar results 

(column 6). 

 

Province-level income and corruption 

One of the stylized facts about the determinants of corruption from the cross-

country literature is the strong negative correlation between GDP per capita 

and corruption (Paldam 2002; Mendez and Sepulveda 2006; Haque and Kneller 

2009; Gundlach and Paldam 2009; Méon and Weill 2010). We do not find a 

similar correlation between province level income and the (average) value of 

the bribes collected. A reason could be simultaneity between corruption and 
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province income. In cross-national studies, researchers often use geographical 

attributes such as distance to the equator, latitudes, on coastline, average 

temperature, or the pre-historical stocks of potentially domesticated plants or 

animals as instruments for income (see, for example, Mocan 2008; Gundlach 

and Paldam 2009). Such time-invariant instruments are not applicable for 

estimation with the multi-level panel data that we use. We have to turn to other 

approaches.  

We first drop the potentially endogenous income variable from the model 

(see also Mendez 2014). Column 1 of table S2 presents the results, which are 

similar to those in the benchmark model in column 5 of table 1. Then, we 

substitute income by its 5-year lags (see also Goel and Nelson 2011 and Johnson 

et al. 2011). The estimates retain their signs, significance levels, and even 

magnitude. The estimated coefficient on province income remains insignificant 

as previously (see column 2). Next, we instrument income by its own 5-year 

lags and obtain similar results (column 3). These exercises suggest that 

simultaneity between income and corruption is not a major concern for the 

basic results in the benchmark model.  
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Table S2 The association between provincial income and ln rent 

Estimation method: OLS OLS TSLS OLS OLS 

Dependent variable: ln rent 1 2 3 4 5 

Male 0.090 0.092 0.091 0.091 0.096 

 (0.20) (0.20) (0.19) (0.20) (0.20) 

Age -0.15*** -0.15*** -0.15*** -0.15*** -0.15*** 

 (0.046) (0.046) (0.045) (0.046) (0.046) 

Age-squared 0.0017*** 0.0017*** 0.0017*** 0.0017*** 0.0017*** 

 (0.00052) (0.00052) (0.00051) (0.00052) (0.00052) 

10-12 years of education 0.38*** 0.38*** 0.38*** 0.38*** 0.38*** 

 (0.12) (0.12) (0.12) (0.12) (0.12) 

13 years of education + 0.39* 0.39* 0.39** 0.39** 0.39** 

 (0.19) (0.19) (0.19) (0.19) (0.19) 

Township level officials 0.76*** 0.77*** 0.77*** 0.77*** 0.77*** 

 (0.23) (0.23) (0.23) (0.23) (0.24) 

County level officials 1.60*** 1.60*** 1.60*** 1.60*** 1.60*** 

 (0.34) (0.34) (0.33) (0.34) (0.34) 

Prefecture level officials 2.55*** 2.55*** 2.55*** 2.55*** 2.55*** 

 (0.50) (0.50) (0.49) (0.50) (0.50) 

Province level officials + 2.65*** 2.66*** 2.66*** 2.66*** 2.66*** 

 (0.75) (0.75) (0.73) (0.75) (0.75) 

Administrative authority 0.77*** 0.77*** 0.77*** 0.77*** 0.77*** 

 (0.24) (0.24) (0.23) (0.24) (0.24) 

Economic authority 1.09*** 1.09*** 1.09*** 1.09*** 1.09*** 

 (0.11) (0.11) (0.11) (0.11) (0.11) 

Law enforcement -0.078*** -0.078*** -0.078*** -0.078*** -0.076*** 

 (0.028) (0.028) (0.027) (0.028) (0.027) 

Income t-5  0.0000029    

  (0. 0000071)    

Income   0.0000025 0.00000023  

   (0.0000059) (0.000012)  

Income, squared    0.00000000001  

    (0.00000000005)  

ln income     -0.48 

     (1.41) 

ln income, squared     -0.0022 

     (0.069) 

Population size -0.00021** -0.00022** -0.00021** -0.00021** -0.00030 

 (0.000093) (0.00010) (0.000093) (0.000096) (0.00015) 

Population density 0.052** 0.053** -0.052** 0.053* 0.061** 

 (0.025) (0.025) (0.025) (0.026) (0.027) 

Urbanization -1.28 -1.24 -1.27 -1.26 -1.12 

 (1.16) (1.15) (1.12) (1.15) (1.09) 
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R-squared 0.4223 0.4223 0.4223 0.4223 0.4225 

1st-stage F   685.275***   

Hansen J statistics (p-value)   0.76   

Observations  36121 36121 36121 36121 36121 

Notes: Robust standard errors clustered at the province level in parentheses; constant, province and year fixed effects 

included but not reported. Column 1 excludes income. Column 2 lags income by five years. Column 3 reports IV 

results with income instrumented by its own 5-year lags. Column 4 adds the square of income. Column 5 uses the 

logged values of income for both the level and quadratic terms. *** p<0.01, ** p<0.05, * p<0.1. 

 

We also test for non-linearity between province income and the magnitude 

of bribes by inclusion of the quadratic term of income in the model (columns 4 

of table S2). Again, no change is observed with the estimates for the variables 

of our primary concern, either in sign or in significance, not even in magnitude. 

The estimated coefficients for both the level and squared terms of income are 

not statistically significant. These results suggest again that our benchmark 

model results are not an artifact of the potential endogeneity of income. 

  

Robustness checks with more province level factors 

Another concern with our main results is the potential effect of unobserved 

province level factors. We controlled for five important province level variables 

in the benchmark model. China is a country with considerable heterogeneity 

across provinces, not only in geography, but also in demography, culture, and 

economic development, although to a lesser degree than across countries. To 

establish whether our main results are affected by omitted variable bias, we 

conducted regressions with seven additional province level factors: ethno-

fractionalization measured by share of minorities in province population, 
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primary schooling, secondary schooling, higher education, ratio of investment 

to GDP, ratio of government expenditures to GDP, and trade openness (see 

Table C2 in the appendix of the main paper for definitions and summary 

statistics). These regressions enable us to evaluate the stability of the 

coefficients associated with the official-level variables of primary interest. Table 

S3 presents the results. 
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Table S3 More province level controls  

Dep. variable: ln rent 1 2 3 4 5 6 7 

Male 0.089 0.091 0.092 0.092 0.091 0.091 0.095 

 (0.20) (0.20) (0.20) (0.20) (0.20) (0.20) (0.19) 

Age -0.15*** -0.15*** -0.15*** -0.15*** -0.15*** -0.15*** -0.15*** 

 (0.046) (0.046) (0.044) (0.045) (0.045) (0.046) (0.044) 

Age-squared 0.0017*** 0.0017*** 0.0017*** 0.0017*** 0.0017*** 0.0017*** 0.0017*** 

 (0.00052) (0.00052) (0.00051) (0.00052) (0.00052) (0.00052) (0.00051) 

10-12 years of education  0.37*** 0.38*** 0.37*** 0.38*** 0.38*** 0.38*** 0.38*** 

 (0.12) (0.12) (0.11) (0.12) (0.12) (0.12) (0.11) 

13 years of education + 0.39* 0.39** 0.38* 0.39** 0.39* 0.39* 0.38* 

 (0.19) (0.19) (0.19) (0.19) (0.19) (0.19) (0.19) 

Township level officials 0.76*** 0.76*** 0.77*** 0.77*** 0.77*** 0.77*** 0.77*** 

 (0.24) (0.23) (0.23) (0.23) (0.23) (0.24) (0.23) 

County level officials 1.60*** 1.60*** 1.61*** 1.60*** 1.60*** 1.60*** 1.61*** 

 (0.34) (0.34) (0.34) (0.34) (0.34) (0.34) (0.34) 

Prefecture level officials 2.55*** 2.55*** 2.53*** 2.55*** 2.55*** 2.55*** 2.53*** 

 (0.50) (0.50) (0.48) (0.50) (0.50) (0.50) (0.48) 

Province level officials + 2.65*** 2.66*** 2.64*** 2.66*** 2.66*** 2.66*** 2.64*** 

 (0.76) (0.75) (0.76) (0.75) (0.75) (0.75) (0.77) 

Administrative authority 0.77*** 0.77*** 0.76*** 0.77*** 0.77*** 0.77*** 0.77*** 

 (0.23) (0.24) (0.23) (0.24) (0.24) (0.24) (0.23) 

Economic authority 1.09*** 1.09*** 1.09*** 1.09*** 1.09*** 1.09*** 1.09*** 

 (0.11) (0.12) (0.11) (0.11) (0.11) (0.11) (0.11) 

Law enforcement -0.076*** -0.078*** -0.080*** -0.077** -0.078*** -0.077*** -0.080*** 
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 (0.027) (0.028) (0.027) (0.028) (0.028) (0.024) (0.027) 

Income  0.00000054 0.0000018 0.0000097 -0.00000081 0.0000021 0.0000019 0.000011 

 (0.0000049) (0.0000058) (0.0000065) (0.0000067) (0.0000059) (0.0000057) (0.0000085) 

ln population size 0.21       

 (0.57)       

Population size   -0.00021** -0.00037*** -0.00024** -0.00021** -0.00021* -0.00041*** 

  (0.000096) (0.0012) (0.00010) (0.000097) (0.00011) (0.00013) 

Population density 0.049* 0.052** 0.050** 0.054** 0.052** 0.052** 0.045* 

 (0.025) (0.025) (0.022) (0.027) (0.024) (0.025) (0.024) 

Urbanization -1.39 -1.28 -1.26 -1.24 -1.35 -1.28 -1.51 

 (1.12) (1.14) (0.98) (1.13) (1.18) (1.14) (1.00) 

Ethno-fractionalization  0.38     0.69 

  (2.22)     (2.73) 

Primary schooling   -0.16**    -0.19** 

   (0.065)    (0.079) 

Secondary schooling   0.10*    0.093* 

   (0.052)    (0.047) 

High education   -0.47    -0.63** 

   (0.28)    (0.28) 

Investment     -0.30   0.027 

    (0.71)   (0.65) 

Government expenditures     -0.60  -2.90 

     (1.91)  (2.24) 

Openness      0.013 0.22 

      (0.46) (0.45) 

R-squared 0.42 0.42 0.43 0.42 0.42 0.42 0.43 
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Observations  36121 36121 36121 36121 36121 36121 36121 

Notes: Robust standard errors clustered at the province level in parentheses; constant, province and year fixed effects included but not reported;  

*** p<0.01, ** p<0.05, * p<0.1. 
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We start with the benchmark model, using the logged value of population 

size (at the suggestion of one of the reviewers). The estimates have the right 

signs and significance levels as those in our preferred model in table 1. The 

estimate for population size however now turns positive and statistically 

insignificant (column 1 of table S3). With gradual introduction of the province 

level control variables, we observe that all the coefficients on the variables of 

main interest retain their signs, sizes and significance levels (columns 2 to 7). 

These results are reassuring and suggest that the effect of the official-level 

characteristics on the bribe amounts extracted is not biased by (unobserved) 

province-level factors. We also observe that many of the extra province level 

controls have insignificant estimates except for secondary and higher education. 

These results confirm the robustness of the findings obtained in our benchmark 

model in table 1. 

 

 


